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Development of Al methods
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THE EVOLUTION OF
ARTIFICIAL INTELLIGENCE

fuve @

The Early The Rise The Machine The Deep
Vision of Expert Learning Era  Learning Future
(1950s-1970s) Systems (1990s-2010s) Revolution of Al
(1980s) (2012-Present)
@ @ 3 @ 5
Alan Turing's Programs Fromrule-based Neural networks Generative
“Turing Test” mimicking systems to inspired by Al, Ethical Al
and the 1956 human experts data-driven the human brain  and Artificial
Dartmouth Conference learning General

Intelligence

https://medium.com/@ankitsrivastava37/the-evolution-of-ai-33521021f07c [June 30, 2026]
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Learn to map given input variables/features Sales Forecast
to an output, one task at a time
Machine Learning * Early models based on statistics and
(ML) regression .
: X £ g featu res ” 0.0'0 0.50 1.00 1.50 2.00 2.50 3.00 3.50
pred|Ctlve/C|aSSIﬁcat- ° eXplainab”ity and transpa rency I:t/t::)rlﬁ/s\;?\s:véilr?vestopedia.com/articles/financiaI—theory/09/regression-
On mOde|S analysis-basics-business.asp
° Complex ML m0d€|S 2 Pr'edictolr Imp?nancle Estirpates forCryedit S?orecalrd
Examples * reach better performance 0l
. Sales forecasting are Igss trgnsparent/explamable due to £l
. . nonlinearity g
« Credit scoring % 101
« Predictive The simpler the model, the less di
roaintenamee performant, but the more T 5 o o
. e e N < O
exp I a I n a b I e a n d t ra n s pa re nt ° https://www.mathworks.com/he'?r;ﬁ?sils}grrgditscorecard-compare—
logistic-regression-decision-trees.html
https://www.linkedin.com/posts/nut-rungrueang-979750281_ai- ) *

machinelearning-generativeai-activity-7366313768496070657-xdUR/
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First learn a good representation for
data, a ‘model’. Then use it to perform ¢ == ‘s
ma ny taSkS Data 4 . Sentiment
Generative Al e Zero-shot/few-shot: Model can e 10 .
(GenAI) perform the task with minimal |- %ib &  nrormation =
instruction spech "3 Tralning FOl':dncLa-{:on Adaptation . [
Uses LLM togenerate e tuning: Model has o b L s @ v g
* Fine-tuning: Model has to be " owa
new content . o Recogniton
o trained for the task at hand i U
(text, images, code) - R

https://www.basic.ai/blog-post/what-is-the-foundation-model

Examples
« Report summarization
« Email writing
« Image design

Models have billions of parameters and are
themselves entirely opaque. They can generate
(non-causal) explanations for their decisions.

Generative Models hallucinate intrinsically.

https://www.linkedin.com/posts/nut-rungrueang-979750281_ai-
machinelearning-generativeai-activity-7366313768496070657-xdUR/
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Orchestrate a set of Al models that

have skills, such as calling external

functions, for conducting complex

Agentic Al tasks.
‘Agents’ are foundation models

Actsasan‘Alagent’'to .
perform tasks
autonomously

Examples
« Al control tower agent
* Al HR recruiter agent

https://www.linkedin.com/posts/nut-rungrueang-979750281_ai-
machinelearning-generativeai-activity-7366313768496070657-xdUR/

with special prompts

that communicate with each
other

and call external functions
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Working of Agentic Al
e @

Observation

% (2

Tools Agent Action Environment

https://www.omdena.com/blog/agentic-ai

Agent models can generate explanations for their
decisions and support them with evidence from
environment and data. Their inner workings are opaque.
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Al Models and their cultural alignment

This graph visualises the cultural alignment of various LLMs by plotting them on the Inglehart-Welzel Cultural Map - comparing
their cultural values with those of different countries & cultural regions.
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All models are biased with
respect to their training data

Models get actively aligned to
values, which includes de-
biasing

Models are subject to political
intervention and regulation

In 2026, all frontier
models originate from
countries with
authoritarian regimes.
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Nignmen,

From Bing Image Creator 14.5.2026, C. Biemann

Who has more motivation to align
the underlying models to their
goals? Man or Machine?

#......Anoteon Agentic Al and AGI
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a.com/blogs/agentic-ai-in-
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Herd behavior: unexpected
interconnectedness and
correlation of decisions.
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* will continue to lack transparency/explainability

* will reproduce biases in the training data even when forbidding
discriminatory signals

* will be aligned according to an agenda

* will get increasingly complex beyond what humans can verify
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In a recent publication®, the BIS provided the following summary:

Societal and environmental well-being. The develo
at large, including environmental sustainability and

‘pne in ways that benefit society
s considering the long-term

impact of Al on social structures, democracy, and the planet.

Transparency. Al systems should be open and urpdaesstandable, requiring clear explanations of how Al systems work,

the logic behind decisions, and the data used.

-

Accountability. Entities developing or deploying Al are responsibl

diffusion

comes of their systems, ensuring that

mechanisms are in place to address any negative impacts or errors
Fairness. Al system d not perpetuate biases or discrimination, ensuring equitable treatment across diverse
populations.

Privacy protection. Al systems shoulg

data protection laws and principles.

Safety and security. Al systems should operate reliably and safp’
against failures, misuse, or malicious attacks.

plementing safeguards

Human oversight. Human judgment should be in
importance of human expertise and ethics in guid

ing processes, emphasising the

Robustness and reliability. Al systems should nerform consistentlv under various conditions without failure, ensuring

accuracy and reliability over time

* BIS (n 6) p. 23.
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Discussion



